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Erteéepyacia

"The great conflict was triggered by the assassination of an archduke, leading to a widespread
war that saw nations drawn into a brutal and extended fight. The battles were marked by the use

[ 4
¢ U G l_ K n C of trench warfare, where soldiers faced horrific conditions daily. This era was also notorious for

the introduction of chemical warfare, adding a new level of horror to the battlefield."

[Awooac:

"The significant global conflict began with aggressive territorial expansions by a major European

7
I a& lVO “ n G r] power, leading to a devastating war that involved numerous countries. The conflict was

characterized by major advances in military technology, including the widespread use of tanks and

strategic air campaigns. The war culminated in the deployment of nuclear weapons, changing

warfare and international politics forever."

Classification: Not Similar



Review 1:

"During my vacation in Syros, | had the wonderful opportunity to dine at Taverna Kymata. The view
of the Aegean Sea was breathtaking, perfectly complementing the delicious Greek cuisine served.
Every dish, especially the grilled octopus, was seasoned to perfection. The warm, welcoming

atmosphere created by the staff made our evening truly unforgettable. | highly recommend

Enteéepyaoia . e
duokng Sentiment Score: 4715
[Awooac:

[TaAwvdpopnon

"My dinner at Taverna Kymata on Syros was rather disappointing. While the restaurant boasts a

stunning seaside location, the food did not live up to expectations. The dishes, including the

much-touted grilled octopus, were rather uninspiring and lacked the authentic Greek flavor | was
looking forward to. Service was slow, which didn’t help the overall experience. It's a pity because

the setting has so much potential."

Sentiment Score: 2.3/5.0
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e O KOLVOG TTapAYoVTag 0€ OAEC AUTECG TIG

ET[[_'[[‘] pO [') |J 8V|’] edappoyeEg: pabaivoupe amo mapadsiypata.

M ae I’]OT] * Emitnpoupevn Mabnon pe cupuBoAa:

(Su pe rV|Sed . B?\ég?up;: n tapadeiypata: (Xq1,¥1), (X2,¥2),
eeees XV

Learning)

MaOaivoupe tnv oxgon: X2y



O KOLVC 100 1C OS OAEC AUTEC TIC
QIO TTapadelypata.

ETitnpeg

M (ler]G [Mwc¢ armoBnkevovtal oL EIKOVEC N TO
( SU p er KE(UEVO OTOV UTTOAOYLOTH, WOTE va
uTtopel va yivel o utTtoAoylopocg Xy,

Lea rni Oa PTToVPE apyOTEPA OE AUTEC TG
ONUAVTIKEC AETITOUEPELEC : XDy

oULuBoAQ:
atac (X1 ’y'l)’ (X2’y2)’



! * ETtttnpovpevn Mabnon pe cLUBoOAQ:
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M aeno-r] ..... (X, V)
(Su perV|Sed MaBaivoupe tnv oxéon: X2 y

Le arni ng) Tielvaitto (X,y) yia ta mapadeiypata pag;
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ET[SEEpyqo'[q

"The great conflict was triggered by the assassination of an archduke, leading to a widespread

war that saw nations drawn into a brutal and extended fight. The battles were marked by the use

[ 4
¢ U G l_ K n C of trench warfare, where soldiers faced horrific conditions daily. This era was also notorious for

the introduction of chemical warfare, adding a new level of horror to the battlefield."

[Awooac:

y "The significant global conflict began with aggressive territorial expansions by a major European
Ta& lVO G power, leading to a devastating war that involved numerous countries. The conflict was
“ rl r] characterized by major advances in military technology, including the widespread use of tanks and
strategic air campaigns. The war culminated in the deployment of nuclear weapons, changing

warfare and international politics forever."

Classification: Not Similar



Review 1:

"During my vacation in Syros, | had the wonderful opportunity to dine at Taverna Kymata. The view
of the Aegean Sea was breathtaking, perfectly complementing the delicious Greek cuisine served.
Every dish, especially the grilled octopus, was seasoned to perfection. The warm, welcoming

atmosphere created by the staff made our evening truly unforgettable. | highly recommend

Enteéepyaoia . e
duokng Sentiment Score: 4715
[Awooac:

[TaAwvdpopnon

"My dinner at Taverna Kymata on Syros was rather disappointing. While the restaurant boasts a
stunning seaside location, the food did not live up to expectations. The dishes, including the
much-touted grilled octopus, were rather uninspiring and lacked the authentic Greek flavor | was
looking forward to. Service was slow, which didn’t help the overall experience. It's a pity because

the setting has so much potential."

Sentiment Score: 2.3/5.0
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O AwaBATNng €ivat n 8n kupLotepn attia Bavatov
: ' otic HIMA. Eva ano ta Bacikotepa npoBAnpata
I npOB)\SLIJI’] ALGBI’]TI’] glval n owaotn dayvwon, 600 Kat n poBAeyn, Kal
N mpoAnyn.

Pregnancies Glucose BloodPressure SkinThickness Insulin BMI DiabetesPedigreeFunction Age Outcome

0 6 148 72 35 0 33.6 0.627 50 1
1 1 85 66 29 0 26.6 0.351 31 0
2 8 183 64 0 0 233 0.672 32 1
3 1 89 66 23 94 28.1 0.167 21 0

4 0 137 40 35 168 43.1 2.288 33 1



[MpoBAePn AtaBntn

Pregnancies Glucose BloodPressure

O AwaBATNng €ivat n 8n kupLotepn attia Bavatov
oTic HIMA. 'Eva anod ta Bactkotepa poBAnuata
glval n owaotn dayvwon, 600 Kat n poBAeyn, Kal
N mpoAnyn.

SkinThickness Insulin BMI DiabetesPedigreeFunction Age Outcome

6 148 72 35 0 33.6 0.627 50 1
1 85 66 29 0 26.6 0.351 31 0
8 183 64 0 0 233 0.672 32 1
1 89 66 23 94 28.1 0.167 21 0
0 137 40 35 168 43.1 2.288 33 1

Mpwtog acBevrng otnv Baon dedOPEVWY HAG

AmoteAeopa: o acBevng eivar/dev eivat dLaBnTtikog

AeUtepog aocBevng otnv Baon dedopevwy pag




I [MpoBAePn AlaBnitn

Pregnancies Glucose BloodPressure
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O AwaBATNng €ivat n 8n kupLotepn attia Bavatov
otic HIMA. Eva ano ta Bacikotepa npoBAnpata
elval n owaotn dldayvwor, 000 Kat n POBAEYN, Kal

N POANYN.
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O AwaBATNng €ivat n 8n kupLotepn attia Bavatov
: ' otic HIMA. Eva ano ta Bacikotepa npoBAnpata
npOB)\SLIJI’] ALGBI’]TI’] glval n owaotn dayvwon, 600 Kat n poBAeyn, Kal
N mpoAnyn.

Pregnancies |Glucose | BloodPressure SkinThickness Insulin | BMI |DiabetesPedigreeFunction Age |Outcome

6 148 72 35 0|33.6 0.627 50 1
1 85 66 29 0|26.6 0.351 31 0
8 183 64 0 0233 0.672 32 1
1 89 66 23 94 | 28.1 0.167 21 0
0 137 40 35 168 | 43.1 2.288 33 1
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Ekmaidevon
AAyopiBpuou

1. ETUAEYOULE TNV OlKOYEVELA
aAyopiBpuwyv: Ttapadelypa —
devipa arodpaoncg Baboug 1

2. Bpiokoupe t1¢g
TTIAPAPETPOUC TTOU
eAaxLoToTtoloLV TA AdBn ota
dedopeva pag



1. ETUAEYOULE TNV OLKOYEVELA AAYOPIBHWV:
mapadeypa — devipa artodaong faboug 1
mymodel = DecisionTrees (max_depth=1)

Ekmaidevon
AAyopiBpuou

Aévipo anopaong pe Babog=1

XiZO(

y=a y:b




1. ETUAEYOULE TNV OLKOYEVELA AAYOPIBHWV:
mapadeypa — devipa artodaong faboug 1

mymodel = DecisionTrees(max_depth=1)

Ekmaidevon
A)\YOpiGIJOU 2. BpioOKOUE TIC TTAPAPETPOUC TIOU

eAaxlotortolouv Ta AdBn ota dedopeva pag

Aévipo anopaong pe Babog=1

X, > 1275

N
= 5

mymodel.fit (X,y)

y




Ekmaidevon
AAyopiBpuou

1. ETUAEYOULE TNV OLKOYEVELA AAYOPIBHWV:
mapadeypa — devipa artodaong faboug 1

mymodel = DecisionTrees(max_depth=1)

2. Bplokoupe TI¢ TAPAPETPOUC TTOU
eAaxlotortolouv Ta AdBn ota dedopeva pag

mymodel.fit(X,y)
mymodel.predict (x)

X =(x1,x2) = (88,40)

X, > 1275

N

y=HN y =




Ekmaidevon
AAyopiBpuou

1. ETUAEYOULE TNV OLKOYEVELA AAYOPIBHWV:
mapadeypa — devipa artodaong faboug 1

mymodel = DecisionTrees(max_depth=1)

2. Bplokoupe TI¢ TAPAPETPOUC TTOU
eAaxlotortolouv Ta AdBn ota dedopeva pag
X =(x1,x2) =(88,40)

mymodel.fit(X,y) Xy 21275

mymodel.predict (x) /\

v= y=H y=N




Ekmaidevon
AAyopiBpuou

1. ETUAEYOULE TNV OlKOYEVELA
aAyopiBpuwyv: Ttapadelypa —
devipa artodpaong Baboug 3

2. Bpiokoupe t1¢g
TTIAPAPETPOUC TTOU
eAaxLoToTtoloLV TA AdBn ota
dedopeva pag



Ekmaidevon
AAyopiBpuou

1. ETUAEYOULE TNV OLKOYEVELA AAYOPIBHWV:
mapadewypa — devipa artodaong faboug 3

mymodel = DecisionTrees(max_depth=3)

2. Bplokoupe TI¢ TAPAPETPOUC TTOU
eAaxlotortolouv Ta AdBn ota dedopeva pag

mymodel.fit(X,y)
mymodel.predict(x)



1. ETUAEYOULE TNV OLKOYEVELA AAYOPIBHWV:
tapadelypa — “logistic regression”

mymodel =

Ekmaidevon

A)\YOpiGIJOU 2. BpioOKOUE TIC TTAPAPETPOUC TIOU

eAaxlotortolouv Ta AdBn ota dedopeva pag

mymodel.fit(X,y)
mymodel.predict(x)



1. ETUAEYOULE TNV OLKOYEVELA AAYOPIBHWV:
tapadelypa — “logistic regression”

mymodel = LogisticRegression()

Ekmaidevon

A)\YOpiGIJOU 2. BpioOKOUE TIC TTAPAPETPOUC TIOU

eAaxlotortolouv Ta AdBn ota dedopeva pag

mymodel.fit(X,y)
mymodel.predict(x)



1. ETUAEYOULE TNV OLKOYEVELA AAYOPIBHWV:
tapadelypa — “Boosted Decision Trees”

mymodel =

Ekmaidevon

A)\YOpiGIJOU 2. BpioOKOUE TIC TTAPAPETPOUC TIOU

eAaxlotortolouv Ta AdBn ota dedopeva pag

mymodel.fit(X,y)
mymodel.predict(x)



Ekmaidevon
AAyopiBpuou

1. ETUAEYOULE TNV OLKOYEVELA AAYOPIBHWV:
tapadelypa — “Boosted Decision Trees”

mymodel = XGBClassifier()

2. Bplokoupe TI¢ TAPAPETPOUC TTOU
eAaxlotortolouv Ta AdBn ota dedopeva pag

mymodel.fit(X,y)
mymodel.predict(x)



1. ETUAEYOULE TNV OLKOYEVELA AAYOPIBHWV:
TTAPAdELYHA — VEUPWVLKO OIKTUO TTOU
oxedlaoape

mymodel =

Ekmaidevon

A)\YOpiGIJOU 2. BpioOKOUE TIC TTAPAPETPOUC TIOU

eAaxlotortolouv Ta AdBn ota dedopeva pag

mymodel.fit(X,y)
mymodel.predict(x)



Ekmaidevon
AAyopiBpuou

1. ETUAEYOULE TNV OLKOYEVELA AAYOPIBHWV:
TTAPAdELYHA — VEUPWVLKO OIKTUO TTOU
oxedlaoape

mymodel = MyNeuralNet()

2. Bplokoupe TI¢ TAPAPETPOUC TTOU
eAaxlotortolouv Ta AdBn ota dedopeva pag

mymedel it train(mymodel)
mymoedelprediet- mymodel(xX)



